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class Node { // 000000ad
update_f(); // 00000040
update_df () ; //
move () ; // 00
1lsm_update(Q); // 00000000

};

class FunctionApproximator { // 000000000
class node[NodeNum] ; // NodeNum OO O OQOQOQOQOO
UpdateResolution(); // 000000000000
FindBestmatchingNode() ; // 000000000
UpdateArcs () ; // 000000

};

class Agent { // 00000000000DODO000O0O0
FunctionApproximator fa; // 00000 @O0ooooooo)
DecideAction(); // 00000000000
UpdateValueFunction(); // 0000000
UpdateFunctionApproximator () ; // 00000000000

} agent;

class Environment { // 000000000000 00
Init(Q); // 0000000000000
TransNextState(); // O000000000000000000

} env;

main_general(O) U 0 4300000000000 0OO0OOOOOOOODOODOO
O0Omain_reinforce(O 00 4400 00000000000 OO0O0OOODOO
gbooboboooogod
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main_general (){ // 0000000000
init Q) ; // 00000000000
forO{ // 000004
for(k=0;k<LSMiteration;k++){ // 00000000
data = targetfunction(rnd());
b = bestmatching_nodenum(data) ; // 000000000
node[b] .1sm_update(data); // 0000000000000 00d
UpdateArcs(data) ; // 00000
}
UpdateResolution() ; // 000000000000000ad
}
}
main_reinforce(){ // 0000000000
init Q) ; // 0000000000000
forO{ // 0000000
init_trial(); // 0000000
for(i=0;i<StepNum;i++){ // 000000
a = agent.DecideAction(s); // 0000
[ss,r] = env.TransNextState(s,a); // 0000
agent .UpdateValueFunction(s,a,ss,r); // 0000000
if(trial_terminated()) // 000000
break;
}
if (interval(i)) // 000000000
agent.fa.UpdateResolution(); // 00000000
}
}

gobobbbugoobdoobobbouoooooobobobooooobo
OO00O00ODbO0O0bO0b0O00O UpdateResolution() DO OOOOOOOOO
gbgboobobogbbogbooubboouooobbbobobdoobooo
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FunctionApproximator::
UpdateResolution(){ // 00000000000000

for(k=0;k<Motioniteration;k++){
for(i=0;i<NodeNum;i++){
node[i] .move();

}
}
}
Node: :move () { // 000000
update_f(); // 000000
update_df () ; // 000000000
update_w(); // 000000000 @)
}
FunctionApproximator: :UpdateArcs (){ // TRNOOO0O0O0000O0OO000O0

for(k=0;k<TRNiteration;k++){

data = rnd(); // 000000
bl = bestmatching_ nodenum(data) ; // 000000000
b2 = secondbm_nodenum(data) ; // 02000000000

for(i=0;i<node[bl] .arcnum;i++){
if (b2 == end(i)){

node [bl] .refresh_arc(b2); // 00000000
} else {
node[i] .age_arcs(); // 00000
node[i] .remove_oldarcs(); // 00000000
}
}
}

}
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